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£ 1:wine 7 —#ty hCHIH L7 % —r 00—

class | pattern support | confidence

fixed acidity<10.3 A

1 |density>=0.997 A 0.0067 0.57
pH<3.058
fixed acidity<10.3 A

1 |residual sugar>=4.55 A 0.0033 1.00
pH<3.058

1 |fixed acidity>=7.5 0.67 0.56
fixed acidity<7.5 A

1 . 0.0033 1.00
total sulfur dioxide>=147.5

1 fixed aC|d|ty.<7._5 A 012 0.55
free sulfur dioxide>=18.75
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WZB W CEEUERME T2V R OB H 2 BRI LT
L. F, 2SO DD T VRN, Al
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T, BERY =~ = T THRLNT /S E— 1T
%t LT Logistic Regression (&L D #ESIEHET V%
AT 5. E-, o7 AU XA LRI A
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T 5. fscore(org) I W) W fE Wik T F %,
fscore(Siter)| A TFiE%4 5 BIFE D K L 72K D F H 2R
LCWa., Eor—4Fty b, EOMEHELTIECE
WTHARTFIETORERE N ERbrd. £
ML AT MRS LTI L7213 O BARFIE
OENRKE N ERDND., OB LELT,
MDLP OB CIlE 3 CICHEA SR T LT~
DOEZ R TWD 2D, EEEHTRNWERZ TS
ROBRERKRE L TCWD I ERNEBEZLND. ZD
Z MG, AFEICET UL T~V DO
B2 BE L2 WEL FHEO TR L Tnbh Z &R
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method | dataset init | fscore(org) | fscore(5iter)
pattern| abalone ew 0.7478 0.7828
pattern| abalone mdIp 0.7715 0.7825
pattern wine ew 0.6944 0.7764
pattern wine mdlp 0.7538 0.7645
pattern | banknote ew 0.9013 0.9982
pattern | banknote mdlp 0.9268 0.9911
RF | abalone ew 0.7485 0.7661
RF | abalone mdIp 0.7534 0.7638
RF wine ew 0.6618 0.7635
RF wine mdlp 0.7427 0.7596
RF | banknote ew 0.8977 0.944
RF | banknote mdIp 0.916 0.9424

WIZ, M0 LEEIC XD REDKEZ R 4 1R
I UL TRIE, £ 3 XY equal-width (Z[EE LT
Wh, BV, BOELEEIZELVEENRRLICE
WHZ LT in. =720, #0R LEESS 1 ET
H OB K RSN BN D 720, #0 I LEEK
1 ENCERE L CBITIRZENICEERn LT 52 &
NHIAD S,

F 4R LEBIT K D E O
org| 1iter| 2iter| 3iter| 4iter| b5iter

a%ZﬁE)er:g 0.7478(0.7703|0.7789|0.7834|0.7792|0.7828

patlern o 6944|0.7701|0.7766| 0.774/0.7757(0.7764

pattern
banknote 0.9013]0.9934|0.9982|0.9982|0.9982|0.9982
RF
abalone
RF
wine
RF
banknote

0.7485|0.7545|0.7618|0.7689|0.7645|0.7661

0.6618|0.7621|0.7542/0.7533|0.7588|0.7635

0.8977|0.9381|0.9412| 0.944| 0.944| 0.944
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