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Abstract: Stock market fluctuations are caused by various factors. This study focuses on news articles to

improve the accuracy of stock market predictions. The effect of news articles is bigger when information

that was not predicted is public, earning surprise. We have summarized past news articles by GPT-2 to
discover news trends. We also converted the news articles into vectors and link them to stock prices by
machine learning. As a result of this analysis, we were able to improve the accuracy of stock market pre-

dictions.
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The plan to raise Sharp's capital, saying it could
raise 2 trillion yen ($18.85 billion) with investors.
Mr. Murakami, former manager of the fund, was
also on the call. The government is unlikely to help
Sharp's plans, some experts say that is a surprise,
but the government should be helpful for Sharp.
The government should offer Sharp and take Sharp
Sharp and Hon Hai and SoftBank.
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